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5Finance studies on information cascades, usually in an initial public offering setting, typi-
6cally differentiate between institutional and retail investors, as this is the only information
7available to potential backers. Information available through equity crowdfunding platforms
8includes details on individual investors as they may disclose information about themselves
9by linking their profile to social networks or websites. Using a sample of 132 equity offer-

10ings on Crowdcube in 2014, we show that information cascades among individual invest-
11ors play a crucial role in crowdfunding campaigns. Investors with a public profile increase
12the appeal of the offer among early investors, who in turn attract late investors.
13

14Introduction

15New ventures face difficulties in attracting external sources of finance during their
16initial stage. Recently, as a consequence of the financial crisis, even traditional investors
17in start-ups, such as business angels and venture capitalists, have moved their investment
18activity upstream and focus more frequently on later-stage investments. In this context,
19equity crowdfunding, which has been the subject of recent regulatory changes such as the
20CROWDFUND Act in the United States,1 is becoming a valuable alternative source of
21funding for entrepreneurs (see, e.g., Ahlers, Cumming, G€unther, & Schweizer, 2015, for a
22definition of equity crowdfunding).
23It is therefore not surprising that an emerging literature focuses on the determinants
24of the success of crowdfunding campaigns. With few exceptions, this stream of research
25has focused mostly on donation- or reward-based crowdfunding. Using a sample of 104
26projects on the Australian business matching platform ASSOB, Ahlers et al. (2015) iden-
27tifies which characteristics of the business (e.g., risk factors or preplanned exit intentions)
28and of its top management team (e.g., size or level of education) affect the probability of a
29proposal’s success. Vismara (2016) studied 271 projects listed on the UK platforms
30Crowdcube and Seedrs and found that campaigns launched by entrepreneurs who sold
31smaller fraction of their companies at listing and had more social capital had higher

Please send correspondence to: Silvio Vismara, tel.: (139) 035-2052352; e-mail: silvio.vismara@unibg.it

1. The Capital Raising Online While Deterring Fraud and Unethical Non-Disclosures Act (CROWDFUND
Act) is one component of the broader Jumpstart Our Business Startups Act, enacted in 2012.
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32probabilities of success. Using data from four German crowdinvesting portals, Hornuf
33and Schwienbacher (2015) show that portal design affects the investment behavior of the
34crowd. Our article contributes to this nascent literature by extending the study from sig-
35nals sent by project proponents to encompass signaling dynamics between investors. In a
36related stream of literature, a growing number of papers investigate—with mixed
37results—whether and how contributions in the early days of offering affect the success of
38donation- and reward-based crowdfunding campaigns. However, empirical evidence on
39the role of early contributors in equity crowdfunding campaigns is missing. Our article
40fills this gap in the literature.
41Information cascades among investors play a crucial role in entrepreneurial finance
42(Welch, 1992). In initial public offerings (IPOs), for instance, late investors alter their
43own valuations by observing the behavior of early investors (Aggarwal, Prabhala, & Puri,
442002; Amihud, Hauser, & Kirsh, 2003). IPOs with a high level of institutional demand in
45the first days of bookbuilding also see high levels of bids from retail investors in the later
46days (Khurshed, Paleari, Pandè, & Vismara, 2014). This explains why IPOs typically
47result in either oversubscription or undersubscription, with very few cases in between. In
48IPOs, however, the information available to the public about the nature of the bids is lim-
49ited to the distinction between institutional and retail investors. Equity crowdfunding plat-
50forms, on the other hand, disclose the (nick)names of investors in each bid online. These
51markets, hence, allow finance scholars to overcome the lack of detailed individual-level
52data in financial markets and, for the first time, to investigate information cascades among
53individual investors.
54In crowdfunding platforms, campaigns are presented to websites’ visitors in order of
55popularity. With a single click, prospective investors become aware of the number and
56the identity of people who have already backed the project. Such easy access to informa-
57tion throughout the bidding process is likely to affect investors’ decisions. In a survey
58among crowdfunding investors (crowdfunders) in the United Kingdom, browsing the
59equity crowdfunding platform was, indeed, the most common method of discovering
60investment opportunities (NESTA, 2014). According to the survey, when making invest-
61ment decisions, most respondents look at who already invested in projects and read com-
62ments by other investors. Further, ventures that fail to reach their funding target identify
63the inability to generate early-stage momentum and insufficient marketing as the primary
64causes of their failure.
65Crowdfunders have the option to make their profile public and link it to social net-
66works or other websites. This, in turn, increases the appeal of the project. Potential invest-
67ors can evaluate the information on the curriculum vitae of early backers as well as their
68track record for previous investments on the platform. Under imperfect information about
69the quality of projects, this may reassure late investors and ingenerate information cas-
70cades. We show that investors who make their profile public are more sophisticated and
71more informed. Compared with the average crowdfunder, investors with a public profile
72have (1) higher educational capital, (2) higher project-specific industry experience, and
73(3) a higher track record of investments within the platform. Further, we find that, relative
74to other investors, the portion of these investors’ bids is higher in the first days of the cam-
75paigns and decreases over time. A novel contribution of our article is the finding that not
76only early backers matter to the success of equity crowdfunding campaigns but also the
77presence of investors with public profiles in particular as they attract other investors.
78In this study, we consider 132 projects posted on Crowdcube in 2014. We collect
79information on the bids at the individual investor level with daily frequency. The results
80of the econometric estimation support our hypotheses. Controlling for endogeneity, we
81find that investors with a public profile attract contributions by early investors who, in

J_ID: ETAP Customer A_ID: ETAP12261 Cadmus Art: ETAP12261 Ed. Ref. No.: ETP-2015-04-OA-0110.R4 Date: 8-October-16 Stage: P

ID: prabhakaran.m Time: 21:02 I Path: //chenas03/Cenpro/ApplicationFiles/Journals/Wiley/ETAP/Vol00000/160032/Comp/APPFile/JW-ETAP160032

2 ENTREPRENEURSHIP THEORY and PRACTICE



82turn, attract more late investors. These results are attributable to information cascades,
83but do not rule out alternative hypotheses not based on the reduction of information asym-
84metry. For instance, by “tweeting” or posting links on social networks, early investors
85advertise the project that they pledged to. Thus, the pool of potential investors apprised of
86the project increases and, consequently, the project has a better chance of success.
87The article is organized as follows. In Theory and Hypotheses section, we differenti-
88ate equity crowdfunding from other types of crowdfunding and elaborate the research
89hypotheses. Research Design section presents the data, variables, and methodology used
90in the study. In Results section, we report the results. Conclusions section concludes and
91discusses the implications of our findings.

92Theory and Hypotheses

93Equity Crowdfunding vs. Nonequity Crowdfunding

94A number of papers have examined the role of early backers in attracting late bids in
95nonequity crowdfunding markets. Equity-based crowdfunding is, however, intrinsically
96different from donation- and reward-based crowdfunding. Early backers in nonequity
97crowdfunding campaigns are typically people with whom the proponent has social ties,
98such as close friends and family members, and they are often located in the same geo-
99graphical area as the proponent (Agrawal, Catalini, & Goldfarb, 2011). Ordanini, Miceli,

100Pizzetti, and Parasuraman (2011) label this phase “friend-funding phase.” By contrast,
101according to the NESTA (2014) survey, equity crowdfunders rank the support to a family
102member, a friend, or a local business among the least important motivations to invest.
103The possibility of attracting unrelated investors is actually crucial to induce entrepreneurs
104to seek external equity.
105Crowdfunding communities differ in the funders’ primary motivation for participat-
106ing—whether they expect a financial return. While the motivations to donate may be phil-
107anthropic, a marked characteristic of equity crowdfunding is the possibility to generate
108financial returns. Research on donation-based crowdfunding communities draws from the
109extensive literature on charitable giving and public goods (e.g., Burtch, Ghose, & Wattal,
1102013; Kuppuswamy & Bayus, 2014), examining principles that are unlikely to apply to
111investors in financial markets such as equity crowdfunding. Some of these studies predict
112a positive effect of previous bids on the campaigns’ outcome. Reciprocity, a shared iden-
113tity, the desire to belong to support a cause as well as social image are their main motiva-
114tions. In contrast, if individuals care mostly about the end result (i.e., the provision of the
115good), they are less likely to help in the actual or perceived presence of other supporters.
116Hence, the likelihood of bidding would be negatively related to the number of previous
117backers. Depending on the perspective and empirical setting, some nonequity crowdfund-
118ing studies find a positive linear effect of other community members’ funding decisions
119on individual contributions (Colombo, Franzoni, & Rossi Lamastra, 2015), while others
120find a negative effect (Burtch et al., 2013) or a nonlinear relationship (Kuppuswamy &
121Bayus, 2014).2

122Reward-based crowdfunding yields a private return; hence, the difference between
123motivations to participate in reward- and equity-based crowdfunding might be less

2. Using a sample of Kickstarter projects, Kuppuswamy and Bayus (2014) found that a project’s additional
backer support is negatively related to its past backer support, but this effect subsides as the project funding
cycle approaches its closing date.
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124evident. Rewards, however, often have little objective economic value (e.g., a name pla-
125que) and do not reflect a financial motivation. Occasionally, they are experiential rewards
126with intrinsic, nontradable value such as the chance to act as an extra in a movie.3 In a
127multi-platform study of equity crowdfunding campaigns, Vismara (2016) finds that offer-
128ing rewards to investors does not increase the probability of success. Relatedly, in a direct
129comparison between reward- and equity-based crowdfunding, Cholakova and Clarysse
130(2015) find that nonfinancial motives play no significant role in the latter. Schwienbacher
131and Larralde (2010) also argue that reward-based platforms are more likely to attract indi-
132viduals who invest because they “enjoy” an initiative, whereas equity-based platforms
133attract people backing projects for a return on their investment.
134An additional key difference between reward- and equity-based crowdfunding is
135derived by Hornuf and Schwienbacher (2015). While in the former, proponents raise as
136much as possible, in equity crowdfunding, there is a maximum number of shares that
137entrepreneurs are willing to sell. This affects the funding dynamics, since waiting entails
138the risk of not being able to participate in the campaign and, thus, sets a limit to the extent
139to which undecided investors can wait (i.e., use the information cascade to update their
140own priors).
141Equity crowdfunding differs from other types of crowdfunding also in the nature of
142its proponents and in the size of the deals. While in equity crowdfunding, the proponent is
143by definition a company, reward-based campaigns are launched mostly by individuals
144(see, e.g., Colombo et al., 2015). The governance and organizational implications of the
145process of raising capital through crowdfunding are arguably different. Further, the mone-
146tary value of an equity crowdfunding campaign is typically higher. For instance, the aver-
147age target funding in our sample is £243,760, while in Kickstarter, the world’s largest
148reward-based platform, it is less than $15,000 (see, e.g., Kim & Viswanathan, 2014).

149Early Investors

150“A premise of crowdfunding is that investors would rely, at least in part, on the col-
151lective wisdom of the crowd to make better informed investment decisions.”4 The under-
152lying assumption of this expectation is that people know more collectively than they do
153individually. Indeed, as “different people know different things” (Stiglitz, 2002, p. 469),
154when making decisions with imperfect information, individuals tend to rely on the behav-
155ior of others. Psychologists call the influence resulting from processing of information
156gained by observing others observational or social learning (Bandura, 1977).5 In the
157finance literature, the observer is the investor and the observational learning process is
158labeled “information cascade” (Welch, 1992).

3. Even if the reward is a material product, the bidders evaluate a proponent’s ability to deliver the pre-
purchased product. In equity-based crowdfunding, the information asymmetry concerning the start-up’s abil-
ity to generate future cash flows governs the crowdfunder’s decision to become a shareholder. Further, as
equity crowdfunders consider becoming a minority shareholder, governance concerns arise from the separa-
tion between ownership and control. The related agency costs impact equity crowdfunding like other finan-
cial markets.
4. Quotation from the U.S. Exchange Act Release No. 70741 (October 23, 2013).
5. Opposite to the wisdom of crowds, the “madness of crowds” approach equates the conformity of individ-
uals in large groups with irrationality. While this is an alternative explanation, it does not change the ratio-
nale of our hypothesis. As far as late investors consider the behavior of early investors, campaigns attracting
a higher number of early investors have a higher probability of success. Therefore, irrational herding behav-
ior still leads to information cascades (Banerjee, 1992; Simonsohn & Ariely, 2008).
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159There are two key requirements for information cascades to take place: uncertainty
160and sequentiality (Bikhchandani, Hirshleifer, & Welch, 1992). Uncertainty, intrinsic to
161all entrepreneurial finance settings, is more severe in crowdfunding markets, where proj-
162ects are typically proposed by first-time entrepreneurs. Moreover, on the demand side,
163crowdinvestors are less equipped to overcome information asymmetry than in other con-
164texts such as initial or seasoned public offerings. They often lack the experience and the
165capability to evaluate different investment opportunities (Ahlers et al., 2015). Due to
166fixed costs, they have limited opportunity and incentives to perform due diligence
167(Agrawal, Catalini, & Goldfarb, 2013).6 This leads to collective-action problems, as a
168large number of investors each should be able to invest a small amount of money in a
169company that is, they hope, early in its lifecycle (Ritter, 2013). In addition, crowdfunding
170investors cannot rely on reports issued by financial analysts or on formal intermediaries
171such as IPO underwriters.7 In the absence of certifications from third-party endorsements,
172the signals delivered by other investors (the “crowd”) become essential.8 Their bids are
173clearly observable (highly visible to potential investors) and costly (if investors bid for
174low-quality projects, they earn low or no returns).
175The observational learning theory predicts that the importance of others’ decisions
176increases when decision makers have little information about the product (Bikhchandani
177et al., 1992). In the crowdfunding context, late investors may learn by observing the
178behavior of previous backers. Backers from the first days of an offering send the signal to
179potential late investors that they believe in the project and trust its proponent. Early con-
180tributions can therefore reassure backers when they face high uncertainty at the outset of
181crowdfunding campaigns. High levels of previous commitments may represent a rational
182preliminary screening mechanism to select where to “invest” information seeking efforts.
183Such a two-step screening process describes a perfect rational investment strategy, in
184which herding, followed by own information seeking efforts, increases the payoffs of the
185searching time.
186It is not only due to uncertainty and information-based motivations that early partici-
187pation encourages additional participation. First, positive payoff externalities are one
188alternative reason. Many crowdfunding platforms operate on an all-or-nothing basis
189whereby projects are funded only if a publicly declared funding threshold (provision
190point) is reached. Hence, not to lose the opportunity of a successful campaign, late invest-
191ors tend to fund campaigns that have received many investments previously and are close
192to reach their target (Cumming & Johan, 2013). Second, projects with a high number of
193early backers benefit from the possibility to reach a larger pool of potential investors who

6. A project raised £1.2 million in only 16 seconds after being posted on Crowdcube in July 2014. At such
pace, due diligence was clearly not performed. More generally, crowdfunders receive a relatively small
stake in a company in return for their investment. As reported in Table 1, the average equity stake offered in
Crowdcube is 13.26%, whereas the average number of investors in successful campaigns is 152.5. This
means that the average investor acquires less than 0.1% of the company’s equity.
7. Based on the sociological evidence that ties to reputable actors enhance the prestige through which one is
viewed, third-party endorsements have been studied as signals of a firm’s quality to uninformed external
investors. The underlying idea is that prestigious players value their reputation highly and will guard careful-
ly against tarnishing it. In the IPO context, the affiliation with prestigious underwriters (Carter & Manaster,
1990; Migliorati & Vismara, 2014), venture capitalists (Brav & Gompers, 1997; Nahata, 2008), rating agen-
cies (Khurshed et al., 2014), or universities (Bonardo, Paleari, & Vismara, 2011) has been shown to be asso-
ciated with better performing firms.
8. In an exploratory study based on 23 interviews in Germany, Moritz, Block, and Lutz (2015) report that
the decision-making process of investors in equity-based crowdfunding is influenced by other market partic-
ipants. Most new ventures posted in the platform Companisto use the statements of prior investors as exter-
nal credentials in their presentation videos.
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194may learn about the project through direct contact (word-of-mouth). Crowdfunding plat-
195forms indirectly promote the projects with higher bids (Belleflamme, Lambert, &
196Schwienbacher, 2014) and make them highly visible to visitors of crowdfunding web-
197sites. Higher visibility granted to hot projects even outside the platform extends the basis
198of potential backers further. For instance, specialized newsletters such as Crowdfunding
199Centre or CrowdCafe advertise mostly projects with the higher number of early backers.
200Finally, late bidding may also be due to behavioral causes such as procrastination or con-
201formity (Roth & Ockenfels, 2002).9

202For these reasons, we expect that information on early investors’ bids matters to
203potential late investors and present hypothesis 1.

204Hypothesis 1: Equity crowdfunding campaigns with a higher number of early
205investors are more likely to succeed.
206

207Investors With a Public Profile

208Communication research shows that social networks and web platforms are charac-
209terized by asymmetric peer effects, with opinion leaders triggering social contagion
210(Watts & Dodds, 2007). Studying a marketplace for mobile apps, Kim and Viswanathan
211(2014) test and validate the “influential hypothesis” derived from consumer research—
212the idea that influential individuals accelerate the diffusion of products and innovations.
213A number of studies further demonstrate that the value of recognition drives user contri-
214butions in online communities (Zhang & Zhu, 2011). In particular, Burtch, Ghose, and
215Wattal (2015) discuss how the interests of backers in donation-based crowdfunding to
216incorporate aspects of their true identity into their user profile (“online persona”) are
217based on social recognition and reputational gains. They argue that disclosing personal
218identity in these contributions is a socially acceptable way to demonstrate wealth and to
219signal personal integrity.
220When the actions of individuals are sequential, highly informed individuals with less
221uncertainty in beliefs have fewer incentives to wait and observe the actions of others.
222Conversely, uninformed individuals tend to delay the decision and imitate the actions of
223individuals who appear to have more information or expertise (Bikhchandani et al.,
2241992). This framework is widely adopted in studies of security issuance. In the IPO set-
225ting, for instance, Rock (1986) argues that high uncertainty about the value of a firm
226increases the advantage for informed investors as, to attract uninformed investors that
227would otherwise leave the market, firms opt for underpricing their shares. Relatedly, Gor-
228ton and Pennacchi (1995) model the importance of “skin in the game”; informed investors
229take enough position to reassure other investors that problems of adverse selection and
230moral hazard are overcome.
231As individuals differ in how much information they possess, some investors often
232have an advantage over others. Institutional investors or venture capitalists in IPOs are an

9. Deadline effects are found in other online marketplaces such as eBay.com (Simonsohn & Ariely, 2008)
or Amazon.com (Chen, Wang, & Xie, 2011), as well as in fields as diverse as college applications and stock
trading. Roth and Ockenfels (2002) find that some individuals tend to bid later and avoid leaving the bids
“hanging,” even when there is no advantage in doing so. In an all-or-nothing scheme, this means that bids
from potential investors are unlikely to be revealed in cold campaigns, but when the project is close or above
the target capital, potential investors tend to bid more and the project is more likely to be funded.
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233example of such “superior principals.” Informational advantage is likely to occur also in
234the equity crowdfunding context, where the information available (i.e., observable to pro-
235spective investors) is not limited to a specific category of investors, rather, it is at the indi-
236vidual level. Investors can decide whether to make their profile public and associate their
237legal name, social network presence, and contact information with it, or to remain anony-
238mous and choose a nickname without disclosing further information. Identifiable invest-
239ors (i.e., investors with a public profile) may play a pivotal role not only in attracting the
240attention of platform users but also may attract bids from their professional contacts out-
241side the platform. Through profiles linked to professional social networks (e.g., Linke-
242dIn), their investments are visible to contacts who likely share similar interests. The
243number of potential bidders thus increases.
244Investors with a public profile tend to be more informed and more sophisticated than
245anonymous investors. First, professional investors such as business angels and venture
246capitalists are more likely to disclose their information and their investment decisions in
247the setting of entrepreneurial finance.10 While an increased demand for shares has no neg-
248ative consequences, the probability to reach the target increases if professional investors’
249bids are observed and valued by potential late bidders. In a first-come-first-served frame-
250work, professional investors are not restricted by rationing in the allocation of shares (as
251they would be in IPOs, for instance); they may only benefit from their certification capaci-
252ty to stimulate bids. Therefore, professional investors are likely to disclose information
253about their investments. In addition, by making their profile public, institutional investors
254might benefit from advertising themselves or their services. Second, the interaction
255between entrepreneurs and active, identifiable investors is more satisfactory. Via crowd-
256funding platforms, investors may contact the proponents directly and the proponents have
257clear incentives to reply to these requests and interact with investors during, and possibly
258after, the campaign. The need for easy interaction with the company’s founders encour-
259ages these investors to disclose their personal information and promotes a mutual
260connection.
261Hence, we argue that investors with a public profile attract other investors in the ini-
262tial days of equity crowdfunding campaigns for two main reasons. First, as predicted by
263the information cascade theory, uninformed investors receive a stronger signal from non-
264anonymous investors who are expected to be better informed and more experienced. Sec-
265ond, investors with a public profile are more likely to generate the word-of-mouth effect
266around the project in which they invested. Crowdcube, like other platforms, is structured
267to allow investors with a public profile to easily link and advertise projects on major social
268networks. Thus, the likelihood that other investors become informed about the offerings
269increases.
270These considerations lead us to hypothesis 2.

271Hypothesis 2: A higher percentage of investors with a public profile is positively
272related to the number of early investors in equity crowdfunding campaigns.
273

10. NESTA (2014) report that institutional investors embracing alternative finance is becoming a “feature
of the UK market.” Signori and Vismara (2016) found that none of the companies listed in Crowdcube ini-
tially backed by professional investors have subsequently failed. Hornuf and Schwienbacher (2016) argue
that equity crowdfunding is a complementary source of funding to angel finance, rather than a substitute.
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274Research Design

275Crowdcube and the Regulatory Setting in the United Kingdom

276In contrast to other regulatory environments where only bond-like shares are admit-
277ted, on UK crowdfunding platforms, ordinary shares carrying voting rights are traded.
278Investors need to register as platform members and are required to certify that they are
279aware of investment risks, or that they seek independent advice. We test our research
280hypotheses using data on projects posted on Crowdcube, the largest UK platform. As of
281September 2017, Crowdcube has raised £185 million from 300,000 investors from over
282100 countries. Most of the capital raised so far in equity crowdfunding campaigns in the
283United Kingdom has been transacted in this platform (Signori & Vismara, 2016).
284Crowdcube, regulated by the UK Financial Conduct Authority (FCA), offers securi-
285ties to investors who do not invest more than 10% of their net investable assets (i.e., assets
286excluding their home, pensions, and life insurance) in unlisted shares or unlisted debt
287securities (FCA Policy Statement PS14/4). Each project’s business plan is vetted before
288listing (according to Crowdcube statistics, the due diligence team, on average, verifies 28
289entrepreneur claims for each admitted project), whereas no ongoing reporting is required
290from the company to its shareholders. The minimum investment in a project is £10 and
291there is no maximum limit. Individual commitments are aggregated via the platform and
292the crowdfunding scheme works in the traditional “all-or-nothing” fashion (Cumming,
293Leboeuf, & Schwienbacher, 2014). Only if the target amount is reached, the campaign is
294successful. The pledges, net of a success fee, are transferred in 6 weeks from the escrow
295account to the project proponent’s account. Investors thereby become direct shareholders
296in the company. Otherwise, if the target is not reached, all pledges are voided—at no mon-
297etary cost for bidders.
298Once registered, investors can access reports on each project, containing a description
299of the business, its entrepreneurial team, the offerings, and the bids received. The bids
300made on the platform by each investor are publicly visible to all crowdfunders registered
301on Crowdcube. Specific amounts, however, are not publicly displayed on the website.
302Investors may decide to remain anonymous, thereby disclosing only their nickname, or to
303make their profile public. In addition to commenting on the platform’s forum, investors
304with a public profile can directly contact the entrepreneur, participate in the forum, and
305advertise the project through social networks (e.g., LinkedIn, Facebook, and Twitter) or
306on their website.

307Sample and Variables

308Our sample comprises 132 equity offerings listed on Crowdcube in the period from
309January to December 2014. Data on individual bids were automatically collected on a dai-
310ly basis through the progression of each crowdfunding campaign. Of key importance to
311our study, the number of investors is available for each project on each day of the cam-
312paign. We are particularly interested in the investments taking place in the initial days of
313the offering. To identify early investors (Early_Investors), we use observation windows
314fixed conventionally between the launch of the campaign and the fifth day. We identify
315those investors who bid in the period between the end of the 5-day observation window
316and the end of the campaign as late investors (Late_Investors).11 We use a fixed

11. The results are robust to use other time spans in the regressions. We rerun all regressions, (1) consider-
ing those investors who bid in the first 7, 10, 12, or 15 days early investors (late investors are identified as
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317observation window because the duration of offerings in Crowdcube is automatically set
318to 60 days. Successful projects may, however, be closed earlier and in some cases, at the
319platform’s discretion, the duration can be extended to reach the target.12 In the regres-
320sions, we control for these ex-post changes in the duration of the campaign by introducing
321a control variable (Duration).
322The explanatory variables in our study refer to early investors and to investors with a
323public profile. Like potential investors in the platform, we can access the list of previous
324bidders and identify investors with public profiles. The (nick)names of crowdfunders are
325publicly available in Crowdcube, but the decision to make their profile public depends on
326the individual investor. In our study, we call these investors public profile investors
327(Public_Investors) and represent them as a proportion (percentage) of the total number of
328investors in a single bid at the end of each day of the offering.
329To examine whether information on previous investors matters in the investment
330decisions of subsequent platform visitors, we include a series of variables concerning the
331project and its proponents in our model. In TableT1 1, we include the definitions of the varia-
332bles and report descriptive statistics, providing some insight into the general features of
333crowdfunding campaigns on Crowdcube. In the remainder of this subsection, we define
334our variables. We comment on the descriptive statistics in the next section.
335Projects of higher quality attract more of both early and late investors. A selection-
336bias problem may therefore exist, and unobserved characteristics of successfully funded
337projects create estimation bias in our models. To isolate the effect of early investors on
338late investors, we include a number of relevant quality proxies that have been used in the
339literature before. In addition, we introduce some new quality measures that are specific to
340the Crowdcube environment. Existing crowdfunding studies proxy for project quality
341using several measures. Ahlers et al. (2015) employ three dimensions: human capital,
342social capital, and intellectual capital. They use the number of board members to broadly
343capture the amount of human capital. We measure the size of the top management team
344(TMT_Size) by counting the number of team members in entrepreneurial ventures as
345reported on the “Team” page of each project. Social capital is proxied for by the share of
346nonexecutive team members (Nonexecutives), as they are often “respected industry veter-
347ans who act as mentors to ventures” (Ahlers et al., 2015). Finally, intellectual capital is
348captured by a dummy variable (Patents), which equals one if a venture possesses, or has
349applied for a patent, and zero otherwise. In our empirical analysis, we control for all these
350variables. Additionally, we take advantage of the specific features of the Crowdcube plat-
351form, where listed companies must provide a “Financial Snapshot” that summarizes the

those who invest during the remaining period); (2) defining late investors as those investing in the last third
of the offering time period and not considering the intermediate (not early and not late) group of investors.
The results do not change substantially. We exclude five equity offerings with a duration below 10 days
from our sample of 132 offerings in 2014, because the short duration does not allow us to investigate the
role of early vs. late investors. The correlation matrix is in the Appendix. The maximum value of the Vari-
ance Inflation Factors is substantially below the conventional threshold of 10. We thus conclude that multi-
collinearity is not likely to affect our estimates.
12. The criteria for extending the period are reported on Crowdcube as follows: “If the Target Amount is
not raised within the time period then the Pitch will expire and no money will be taken from Investors’ bank
accounts. In some circumstances the Pitch may be extended for a further period of time and this is at our dis-
cretion.” Conversely, “(w)hen a company has raised 100% of its funding target, entrepreneurs have the
option ‘overfund’. This is where entrepreneurs can raise more money for their business in exchange for
releasing more equity. Investors who invest during this period have exactly the same rights as investors who
invested before the campaign overfunded.” As reported in Table 1, however, the average duration of the
campaigns is 58.7 days and the variance is low (standard deviation 14.1). We comment further on this vari-
able and on reverse causality issues in the section Robustness Tests.
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352key numbers in a clear and consistent format across all pitches. We include the variable
353Positive_Sales in our multi-variate analysis. Bernstein, Korteweg, and Laws (in press)
354find that bidding decisions by inexperienced investors are, indeed, largely based on trac-
355tion (i.e., previous sales) and current investor information.
356On crowdfunding platforms, multiple projects are competing simultaneously for
357funding. As modeled by Parker (2014), the number of other investment opportunities
358affects the occurrence of information cascades. The logic is that when there is a limited
359number of investors with superior information (here, investors with public profiles) and
360many good projects, the distribution between them may become thin. In the case of cas-
361cades, the (uninformed) crowd follows public investors, hence, many projects, including
362good ones, may remain unfunded. To control for this effect, we count the number of other
363campaigns that are active and available at the time the offering is launched
364(Competing_Offerings).
365With regard to the structure of the offer, the target amount of capital to be raised
366(Target_Capital) and the relative percentage of equity offered to investors (Equity_Of-
367fered) in each offering are measured as in Ahlers et al. (2015). Projects can qualify for
368tax incentives according to the UK Seed Enterprise Investment Scheme (SEIS), which
369is designed to encourage seed investment in early-stage companies with up to £150,000
370capital raised (Tax_Incentives). At the moment of listing, proponents declare their
371intentions with regard to exit and pay-out policies. Similarly to Ahlers et al. (2015), we
372use the IPO exit channel as our reference category (IPO_Exit) and add a dummy vari-
373able (Dividends) equal to 1 if the firm plans to distribute dividends. Both these projec-
374tions are mandatorily disclosed on the platform’s webpages that describe each project.
375Finally, we control for industry starting from Crowdcube classification. Projects are
376classified as pertaining to eight industries: art, music, media, and education; environ-
377mental and ethical; fitness, leisure, and sport; food and drink; Internet, IT, and technolo-
378gy; manufacturing; professional business and services; and retail and consumer
379products.

380Methodology

381We use a system of three equations, where the dependent variable of the first (second)
382equation is then included as independent variable in the second (third) equation. Specifi-
383cally, Public_Investors is the dependent variable in equation 1 and the explanatory vari-
384able in equation 2, providing a test of our hypothesis 2. We indeed expect the presence of
385sophisticated investors with a public profile to attract early investors.13 In testing our
386hypothesis 1, Early_Investors is the dependent variable in equation 2 and the explanatory
387variable in equation 3. The set of control variables is the same in all equations as we
388assume that the same factors may potentially affect the bidding decisions of all investors.
389In particular, the idea is that late investors make decisions based not only on the observ-
390able characteristics of the projects and their proponents, but they also consider the behav-
391ior of previous investors.

13. On the contrary, we do not expect sophisticated investors to base their bidding decisions on the number
of early investors. For this reason, the dependent variable in equation 1 is included among the independent
variables in equation 2, and not vice versa. For robustness, we estimated an alternative simultaneous model
adding Early_investors to regressors in equation 1. Confirming our expectations, the number of early invest-
ors does not significantly affect the percentage of public investors, while results on other variables are quali-
tatively unchanged.
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392To ensure identification of the first two equations, whose dependent variables appear
393also as regressors in our system, we need to find valid instruments.14 First, we need an
394instrumental variable that has no direct effect on the number of early investors in an offer-
395ing but does affect the presence of public profile investors. We argue that sophisticated
396investors pay attention to the possibility to receive shares carrying voting rights (A-
397shares). Unique to the crowdfunding markets, indeed, companies can set an investment
398threshold under which no voting rights are granted, making the issuance of A-class vs. B-
399class shares depending on each investor’s decision. FigureF1 1 shows that such investment
400thresholds do not directly impact on the offering’s success chances and number of invest-
401ors. If thresholds do not directly matter the “crowd,” they should attract sophisticated
402investors. Indeed, higher thresholds, difficultly reached by small investors, allow sophisti-
403cated investors to share the control of the firm only with its founders. As a parallelism,
404voting shares are traded in traditional stock markets at a 10% to 20% premium over sav-
405ing or common shares (Horner, 1988). In other words, we argue that sophisticated invest-
406ors care about the control of the firms in which they invest. Accordingly, we introduce in
407equation 1 the variable A_Class_Threshold, which measures the amount of money
408required to receive shares delivering voting rights. This instrument is not only positively
409associated with Public_Investors, but also satisfies the exclusion restriction. That is, it

Figure 1

Number of Offerings by Type of Shares, Distinguishing Between Successful

and Unsuccessful Campaigns

14. Concerns about unobservable heterogeneity are stronger when researchers do not have access to data
observed by economic agents. In our study, we have access to all the information that a potential backer
sees about a project. Despite most of this information is included in our extensive list of controls, we cannot
exclude that unobserved factors affect our estimates. The instrumental variables approach mitigates these
concerns. Limitations of this approach and future research directions are discussed in our Conclusions.
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410does not affect the early success of the offerings through any channel other than the pres-
411ence of public profile investors.15

412Second, in equation 2, we need an instrumental variable that is relevant for early
413investors, but not directly for late investors. Prior research has posited that the limited
414capabilities of humans to process information prevent them from absorbing the com-
415plete set of public information. Damodaran (1989) and Dellavigna and Pollet (2009),
416among others, document that investors are distracted before the weekend and, as a
417result, financial news on a Friday receive less attention than similar news on Monday
418through Thursday. They conclude that investors’ inattention is relatively high on Fri-
419day, which could be because some investors are distracted from work-related activities
420by the upcoming weekend. Attention is also important as a micro-foundation of house-
421hold finance. Lower volumes of trades, google searches and online account logins pro-
422vide corroborating evidence that small investors are more distracted on Fridays and
423weekends. One out of three campaigns in our sample was launched in weekends (includ-
424ing Fridays). Untabulated descriptive statistics show that these campaigns attract 26%
425fewer early investors than weekday campaigns (on average, 11 vs. 15), but have approx-
426imately the same number of late investors (68 vs. 71). It is therefore likely that the day
427of the launch of the campaign affect the number of investors in the short-run, but does
428not directly concern later investors. We therefore include Weekday_Offering dummy in
429equation 2.
430FigureF2 2 graphically summarizes our model.
431Taken together our system of equations is as follows:

PublicInvestors5 a11 d1 Controls1c1AClassThreshold1e (1)

EarlyInvestors5 a21b1 PublicInvestors1 d2 Controls1 c2Weekday1 e (2)

LateInvestors5 a31b2 EarlyInvestors1d3 Controls1e (3)

432For estimation, we use a generalized structural equation model (GSEM). We opt for this
433model due to the presence of counter variables among our dependent variables, whereas
434(simple) structural equation modeling (SEM) requires continuous outcomes.16 Specifi-
435cally, equation 1 is estimated using OLS as the dependent variable, Public_Investors, is
436continuous. Equations 2 and 3, in which the number of early investors and the number of
437late investors are the dependent variables, respectively, are estimated with negative bino-
438mial regression.17 We find support for hypothesis 1 if the coefficient b2 on Early_Inves-
439tors in equation 3 is positive and significant. We find support for hypothesis 2 if the
440coefficient b1 on Public_Investors in equation 2 is positive and significant.

15. To meet the exclusion requirement, a valid instrument cannot capture factors that are likely to directly
affect the number of early investors. Given that empirically a conclusive proof of excludability is virtually
impossible to obtain, we rely on theoretical arguments to motivate the choice of A_Class_Threshold as
instrument.
16. We use the STATA command gsem with the option covstucture that allows our estimates to be simulta-
neous and not simply reiterative. We use the unstructured option to impose unrestricted variances and cova-
riances between the error terms in the three regressions.
17. The distribution properties of our data make the negative binomial preferable to a Poisson regression,
which does not require overdispersion. In our case, the mean of the number of investors is 84.05 and the
related variance is 7,557 (5 86.9322), which exceeds the mean about 90 times (see Table 1). The negative
binomial regression is more appropriate for modeling variables with this structure.
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441Results

442Subscription Patterns

443Due to an all-or-nothing financing scheme, most of the campaigns in our sampling
444period did not reach the target and raised no capital at all. The percentage of successful
445offerings (Success) in our data set is 41% and the average successful campaign raises
446£392,690 from 153 investors. FigureF3 3 shows the frequency of outcomes for the funding
447amount at the end of the campaign, relative to the initial target amount. Typically, if the
448crowdfunding campaign is unsuccessful (in white in Figure 3), the project raises 20% or
449less of its target. Indeed, 31% of the projects collect bids for less than 20% of the target
450amount. As expected, given the incentives of an all-or-nothing framework, no project
451reaches between 80% and 100% of the target amount. Conversely, a sizable proportion
452(17%) of projects receive pledges between 100% and 120% of the target capital, another
4538% receive pledges between 120% and 150%, and a proportion of projects in the long tail
454(20 projects, i.e., 15%) reach values above 150%.
455As reported in Table 1, the average number of investors per project in our sample is
456equal to 84 (the sum of Early_Investors and Late_Investors), higher than the average
457reported by Ahlers et al. (2015) for ASSOB (seven investors). The presence of unsophisti-
458cated investors (crowd) is therefore arguably larger in Crowdcube. FigureF4 4 shows how
459the number of investors changes over the time window, distinguishing between successful
460and unsuccessful projects (54 and 78 projects, respectively). The average number of
461investors after 5 days in a successful campaign is 18.2, 1.7 times higher than in unsuccess-
462ful ones (10.7 early investors). After 10 days from the opening of the offering, the number
463of investors in successful projects is 29.2, 1.9 times higher than in unsuccessful ones
464(15.3 investors). At the end of the campaign, the average number of investors in a success-
465ful offering is more than 4 times higher than in unsuccessful campaigns (152.5 vs.
46635.1).18 This evidence points to a “success-breeds-success” dynamics, where projects
467able to collect bids already in the first days are deemed successful. On the contrary, in
468unsuccessful projects, the small number of investors in the first few days leads to even
469weaker demand later.

Figure 2

Theoretical Model

18. To facilitate visualization in Figure 2, the duration of the campaigns is standardized to 60 days. This
standardization is not applied in the rest of the article. t-tests on the difference in means reveal that the num-
ber of investors is significantly higher in successful projects than in unsuccessful campaigns from the fifth
day onward (p< .01).
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470Public Profile Investors

471Most investors choose not to make their profile public. The mean value of Public_In-
472vestors is equal to 7.7% on the fifth day after the launch of the campaign. However, suc-
473cessful campaigns are characterized by a higher fraction of public profile investors, in
474particular within the first days from launch (9.1% vs. 6.7% of public profile investors over
475the first 5 days for successful and unsuccessful campaigns, respectively).

Figure 3

Distribution of the Percentage of Amount Raised at the End of the Campaign,

Relative to Target

Figure 4

Number of Bidding Investors During the Campaign, Distinguishing Between

Successful and Unsuccessful Projects [Color figure can be viewed at wileyonli-

nelibrary.com]
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476It is difficult to prove that public profile investors are better informed than other
477investors, as the latter are not identifiable. However, by analysing the curricula published
478on LinkedIn of a random sample of 200 public profile investors in Crowdcube (we cannot
479access this information for investors without a public profile), we find two interesting
480characteristics. First, public profile investors invest more often than the average investor.
481Their average portfolio consists of 4.8 investments, compared to 2.7 investments as the
482average declared by Crowdcube for active investors in the platform. Second, we find that
483the average public profile investor has a high level of entrepreneurial and project-specific
484expertise. While crowdfunders are typically depicted as amateur investors with limited
485experience in evaluating investment opportunities (Agrawal et al., 2013; Belleflamme
486et al., 2014), we find that 88% of the public profile investors in our sample have entrepre-
487neurial and start-up-related skills, and 44% have experience in the funded project’s spe-
488cific industry. This is presumably more experience than the average anonymous
489crowdfunder may have. In the United Kingdom, in particular, most crowdfunding invest-
490ors are “retail investor with no previous experience of early stage/venture capital invest-
491ment” (NESTA, 2014, p. 59). We therefore conclude that, due to their nature of repeat
492players and their higher educational and experiential capital, public profile investors are
493able to access and process information at a lower cost, which is the very definition of
494informed investors (Rock, 1986).
495To investigate when they bid, we inspect the subscription pattern of public profile
496investors. As reported in Table 1, the percentage of public profile investors in the average
497campaign is 7.7% over the first 5 days, and decreases to 7.3% over a 10-day window. Fig-
498ureF5 5 presents the evolution of the fraction of participating public profile investors over
499the duration of the campaign, distinguishing between successful and unsuccessful proj-
500ects. In successful offerings, public profile investors represent 9.1% of early bidders in
501the first 5 days of the campaign. This type of investors is, however, more active during the

Figure 5

Percentage of Public Profile Investors Bidding During the Campaign, Distin-

guishing Between Successful and Unsuccessful Projects
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502initial days and tend to bid proportionally less over time. The percentage decreases over
503time; the fraction of public profile investors at the end of a successful campaign equals
5047.6% on average. This means that the average successful campaign attracts 12 investors
505who decide to make their profile public. In unsuccessful campaigns, the decline in the
506fraction of bidders with a public profile is steadier over the first half of the subscription
507period; from 6.8% in the first 5 days, the fraction of public profile investors decreases to
5085.9% after a month and then it stabilizes at 5.8%. Unsuccessful projects attract on average
509only two public profile investors, with virtually none in the second half of the campaign.
510Hence, we find evidence that public profile investors are relatively more frequent in suc-
511cessful campaigns and that they tend to invest early on.
512Finally, as a post hoc analysis, we investigate whether professional investors, such as
513venture capitalists, are included in our sample of public profile investors or not. To do so,
514we construct an augmented data set by matching Crowdcube data to Crunchbase, which is
515an increasingly used data source in entrepreneurial finance studies (see, e.g., Cumming,
516Walz, & Werth, in press). This database, operated by TechCrunch, records information
517about start-ups and covers their security issuances. We find that eleven venture capitalists
518invested in Crowdcube in 2014. These are Balderton Capital, British Business Bank, DN
519Capital, Episode1, Forward Partners, Index Ventures, MMC Ventures, Octopus Invest-
520ments, Passion Capital, and Wellington Partners. All of them belong to our sample of pub-
521lic profile investors. We conclude that public profile investors are more frequently
522sophisticated than other “blind” investors.

523Top Management Teams and Firm Characteristics

524The number of TMT members (TMT_Size) of each project varies in our sample from
5251 to 15, with an average of 4.4. To provide a comparison, the average start-up on the Aus-
526tralian crowdfunding platform ASSOB has 3.6 TMT members (Ahlers et al., 2015), while
527the average high-tech company going public in London in the period 1995–2003 had 5.11
528(Bonardo, Paleari, & Vismara, 2010). The number of TMT members is significantly
529higher in companies with successful campaigns. While only a small fraction of companies
530have nonexecutive directors (18%) or own patents (8%), most of them have positive sales
531in the year before the offering (58%). Firms with no sales find it more difficult to raise
532funds, as only 42% of their campaigns are completed successfully (compared to 82% for
533firms with positive sales). This means that 32 companies with no sales were nevertheless
534able to raise public equity capital through crowdfunding. As a comparison, 22% of the
535IPOs in Europe’s second markets over the last decade were from zero-revenue firms
536(Vismara, Paleari, & Ritter, 2012).
537The average number of alternative offerings active and available at the time of listing
538on the platform is 31.1, with a minimum of 2 and a maximum of 51 competing campaigns.
539The average target capital in our sample of equity offerings is £243,760, with a minimum
540of £20,000 and a maximum of £6 million. These figures are lower than the average target
541amount reported by Ahlers et al. (2015) for ASSOB (AUD 1,78m), but higher than on
542competing platforms in the United Kingdom (e.g., the average successful campaign in
543Seedrs in 2014 raised £123,106). In other types of crowdfunding, the amount of money
544raised is significantly smaller, with reward-based campaigns typically smaller than
545$100,000. In our sample, the average value of Equity_Offered is 13.3%. This means that,
546upon completion of a successful campaign, crowdfunders will hold, on average, 13% of
547the equity of the firm. Investors are often eligible for the SEIS (Tax_Incentives)—38% of
548the offerings. A minority of the projects is meant to be exited via IPO (IPO_Exit; 17%) or
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549to pay Dividends (11%) in the near future. The average duration of the campaigns (Dura-
550tion) in our sample is 58.7 days; the minimum duration is 11 and the maximum 137. For
551most of them (65%), however, the offering lasts for the standard 60 days.
552Last, we comment our instrumental variables. Most equity offerings on Crowdcube
553deliver voting rights only above certain thresholds. In our sample, the average investment
554threshold required to receive voting rights is £9,570, with £5,000 and £10,000 being the
555most common thresholds.19 The average of the A_Class_Threshold variable is not differ-
556ent between successful and unsuccessful offerings. Likewise, no significant difference in
557means between successful and unsuccessful offerings is observed with regard to the day
558of the offering. Approximately one out of three campaigns in our sample was launched in
559weekends, with similar success rates as weekday offerings.

560Econometric Analysis

561In TableT2 2, we report the results from our system of regressions. Each model corre-
562sponds to the equation with the same number (e.g., Model 1 corresponds to equation 1,
563etc.) In Model 1, the dependent variable is the proportion of public investors; in Model 2,
564the dependent variable is the number of early investors; and in Model 3, the dependent
565variables is the number of late investors. To test whether the chance of the campaigns’
566success increases with a higher number of early investors (hypothesis 1), we first focus on
567the results reported for Model 3. As hypothesized, the probability of success of equity
568crowdfunding campaigns is higher when the number of early investors increases. The
569number of investors in the first 5 days of the campaign is indeed a positive and significant
570(p< .01) predictor of success. We therefore find strong support for our hypothesis 1. The
571effect of early investors is of considerable economic significance. Each new investor dur-
572ing the first 5 days of the offering attracts, on average, four additional late investors.
573After finding evidence in support of our first hypothesis, we now focus on the factors
574associated with receiving early support. We therefore refer to the second equation of our
575dynamic model, where the dependent variable is the number of early investors. As
576reported in Table 2, the coefficient on Public_Investors in Model 2 is positive and signifi-
577cant (p< .01), providing support to hypothesis 2. A higher percentage of investors with a
578public profile is positively related to the number of early investors in equity crowdfunding
579campaigns. To assess the economic significance of the effect of the number of public pro-
580file investors on the number of early investors in the campaign, we set all continuous vari-
581ables at their mean values and all dummy variables at their median value, and calculate
582the increase in the estimated value of Early_Investors, engendered by a one-standard-
583deviation increase in Public_Investors. We find that a one-standard-deviation increase in
584the percentage of investors with a public profile is associated with an increase of 1 inves-
585tor in the first 5 days of the offering, from 13.8 to 14.8. Because of their uncertainty-
586reducing and demand-stimulating effect, bids from investors that choose to make their
587profile public attract investors early on and their role fades once early contributions have
588been attracted.
589Concerning quality proxies, our results are mostly in line with evidence provided by
590Ahlers et al. (2015). The number of TMT members (TMT_Size) is positively related to the

19. Voting rights are offered to all shareholders independently from the level of their bids in 41 offerings
(i.e., A_Class_Threshold equal to zero). For 20 companies that do not offer voting rights, the threshold is
assumed equal to the target amount. Not considering these offerings, the threshold ranges from 0 to
£150,000. A_Class_Threshold is not significantly correlated with the size of the offerings

J_ID: ETAP Customer A_ID: ETAP12261 Cadmus Art: ETAP12261 Ed. Ref. No.: ETP-2015-04-OA-0110.R4 Date: 8-October-16 Stage: P

ID: prabhakaran.m Time: 21:02 I Path: //chenas03/Cenpro/ApplicationFiles/Journals/Wiley/ETAP/Vol00000/160032/Comp/APPFile/JW-ETAP160032

18 ENTREPRENEURSHIP THEORY and PRACTICE



591outcome of the campaigns (p< .01); this suggests that the size of the team is perceived by
592outside investors as a signal of the firm’s ability to cope with the uncertainty of the mar-
593ket. Indeed, according to survey participants in NESTA (2014), when selecting invest-
594ments, TMT members are a more important consideration than the characteristics of the

Table 2

Determinants of the Success of a Campaign

Public_Investors Early_Investors Late_Investors
(1) (2) (3)

OLS Negative binomial Negative binomial

Early_Investors 0.043***

(0.008)

Public_Investors 4.521***

(0.848)

TMT_Size 0.003 0.030 0.124***

(0.004) (0.029) (0.035)

Nonexecutives 20.024 0.240* 20.380*

(0.021) (0.144) (0.209)

Patents 0.051** 0.470** 20.299

(0.026) (0.215) (0.316)

Positive_Sales 0.042*** 0.232** 0.609***

(0.014) (0.109) (0.149)

Competing_Offerings 20.002*** 20.010* 20.012**

(0.000) (0.006) (0.006)

Target_Capital 0.007 20.007 0.111

(0.008) (0.068) (0.086)

Equity_Offered 20.031 20.027 21.023

(0.097) (0.855) (1.252)

Tax_Incentives 20.009 20.092 0.006

(0.010) (0.120) (0.160)

IPO_Exit 0.007 0.075 20.057

(0.016) (0.143) (0.187)

Dividends 20.031 0.090 0.356

(0.022) (0.118) (0.245)

Duration 0.002

(0.002)

A_Class_Threshold 0.047**

(0.022)

Weekday_Offering 20.251***

(0.094)

Constant 0.010 2.379** 1.893*

(0.110) (0.938) (1.085)

Ln(alpha) 21.463*** 20.598***

(0.163) (0.118)

No. observations 132 132 132

Adjusted (Pseudo) R2 .121 .094 .091

Log-likelihood 21,167.6

This table reports the results of generalized simultaneous equation models of three equations, using a sample of 132
equity crowdfunding offerings listed on Crowdcube in 2014. The dependent variable in Model 1 is the percentage of
public profile investors; in Model 2, the number of early investors over the first 5 days of offerings; in Model 3, the
number of investors after the first 5 days. The variable definitions are in Table 1. Each regression controls for industry
effects. Robust standard errors are in parentheses. ***, **, and * indicate statistical significance at the 1%, 5%, and
10% levels, respectively.
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595project itself. Similar to Ahlers et al., nonexecutives do not impact the success of equity
596crowdfunding campaigns, although there is a weak statistical significance in Model 2
597(positive sign; p< .10) and in Model 3 (negative sign; p< .10), which calls for further
598investigation. The coefficients on Patents are significant in Models 1 and 2 (p< .05), but
599not significant in Model 3. Intellectual capital seems to play a more important role in dif-
600ferentiating between companies when they raise early-stage funds from sophisticated
601investors. It is not, however, a significant predictor of a campaign’s success. By focusing
602on the role of early and public profile investors, our findings refine the results by Ahlers
603et al. (2015) that patents are not relevant for the success of equity crowdfunding offerings.
604Signori and Vismara (2016) dig further on this specific point. Finally, the variable Positi-
605ve_Sales is highly significant. Like in other entrepreneurial finance settings such as IPOs
606(Loughran & Ritter, 2004), investors prefer companies that have already generated initial
607sales.
608As predicted by the model in Parker (2014), the attractiveness of each offering is
609negatively affected by the presence of a larger number of competing offerings. Other
610control variables do not matter significantly. The number of investors is not affected
611by the size of the campaigns. In line with the findings of NESTA (2014) that more
612than half of the investors does not consider tax incentives when investing, the vari-
613able Tax_Incentives is not significant. Finally, contrary to the findings of Ahlers et al.
614(2015), the declared intention of proponents to have an IPO exit (IPO_Exit) does not
615significantly impact the outcome of campaigns on Crowdcube. This is surprising if
616we consider that, without an IPO, firms listed on crowdfunding do not guarantee a
617secondary market. Although this is expected to be a major concern for external
618investors, it is difficult to ascertain whether these preplanned exits reveal real inten-
619tions. In economic terms, they are “cheap talk,” rather than Spence’s signals, as there
620is no cost for cheating. In a related vein, virtually all firms going public state in their
621offering prospectus that growth and investments are how they intend to use the IPO
622proceeds, a number of firms, however, actually use these funds to rebalance their cap-
623ital structure (Paleari, Pellizzoni, & Vismara, 2008). The same line of argument holds
624for Dividends, which, despite their potential to offer yield, do not attract more invest-
625ors; the duration of the investment is thus reduced.

626Robustness Tests

627In this section, we discuss the results from a set of robustness tests. In particular, (1)
628we replicate the system of three equations with a different success measure in the third
629equation, (2) we test the effect of omitting the variable Duration, (3) we measure the vari-
630ables Public_Investors and Early_Investors over different periods, (4) we include the
631quadratic term of Early_Investors in the regression on Late_Investors, and (5) we test the
632robustness of our results to different econometric specifications and to the inclusion of
633additional control variables.
634First, we find similar results when, in equation 3, we measure the success of the
635offerings using alternative dependent variables. The number of investors in the first 5
636days of the campaign is indeed a positive and significant predictor of success, inde-
637pendently from how we capture success. Precisely, our results hold using the ratio
638between the funding at the end of the campaign and the initial target, the logarithm
639of the funding amount, as well as a dichotomous variable that identifies successful
640campaigns.
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641Second, as we explained in the Sample and Variables section, the offering window on
642Crowdcube is automatically set to 60 days. The duration may, however, be lower, as suc-
643cessful projects can be closed before the 60-day period passes, or it may be extended at
644the platform’s discretion to reach the target. Thus, in our sample, durations differ between
645campaigns and are observed after the start of the campaigns. For most campaigns in our
646sample (86 out of 132, i.e., 65%), however, the offering lasts for the standard 60 days.
647While campaigns closed ahead of the deadline are by definition successful (i.e., 100%
648success for durations shorter than 60 days), extended campaigns (i.e., duration exceeding
64960 days) include both successful and unsuccessful campaigns.20 As expected, the coeffi-
650cients on Duration in Table 2 are not statistically significant in our regressions. However,
651the decision to shorten or extend the duration is taken during the campaign. This raises
652concerns of reverse causality. As both shortened and extended campaigns have a higher
653probability of success, we replicate our system of regressions on the restricted sample of
654115 offerings with a duration between 40 and 80 days and excluding the variable Dura-
655tion. The results, reported in TableT3 3 under Models 1–3, lend support to our hypotheses.
656Similarly, in unreported tests, we replicate these results with regressions using only the
65786 campaigns with the standard duration of 60 days.
658Third, we use the percentage of public profile investors in our analysis as an indepen-
659dent variable in estimating the determinants of early investment decisions. Given that
660these two variables are measured over the same time window (i.e., 0–5 days of the offer-
661ing), an endogeneity problem may arise due to simultaneity. To limit such concerns, we
662run regressions in which the number of early investors (dependent variable) is measured
663after the percentage of public profile investors. Under Model 4 in Table 3, we report the
664results from a regression where the dependent variable is the number of investors from
665the sixth to the tenth day of the campaign, and the independent variable is the percentage
666of public profile investors from the opening day to the fifth day of the offering. This way,
667we are able to control for endogeneity, as the percentage of public profile investors is cal-
668culated with regard to an observation period that precedes the observation period for the
669dependent variable. We find that a higher percentage of public profile investors in the first
6705 days of the offering attracts more investors in the following 5 days (p< .01).
671Fourth, a cascade occurs if late investors base their decision to invest on their own
672information, but also try to infer extra information from other investors’ behavior. This
673leads to an acceleration of investments if early investors committed money; the cumula-
674tive distribution in Figure 4 reflects this phenomenon for successful campaigns. To cap-
675ture the increasing proportion of investors participating in the follow-up period, we
676include a squared term of Early_Investors in our regressions. Results (unreported) from
677negative binomial regressions, with Late_Investors as the dependent variable, confirm
678that a higher number of investors backing the project in the early days of listing leads to a
679disproportionally higher number of late backers.
680Finally, our results are robust to alternative econometric specifications that we briefly
681summarize below. Despite the possibility that a campaign attracts no investors, there are
682no campaigns with zero investors in our sample. As a robustness test, we run zero-
683truncated negative binomial regressions, used to model count data for which the value
684zero cannot occur. The results are robust to this specification. Further, we include a

20. While the average success rate in our sample is 41% (Table 1), both shortened and extended campaigns
have a higher probability of success. In our sample, there are nine offerings with a duration less than 40
days (min. 11 days)—all of them successful. Further, there are eight campaigns that last longer than 80 days
(max. 137 days); five out of these eight extended campaigns are successful (62.5%). The success rate for the
remaining 115 campaigns with a duration between 40 and 80 days is 34.8% (40 out of 115).

J_ID: ETAP Customer A_ID: ETAP12261 Cadmus Art: ETAP12261 Ed. Ref. No.: ETP-2015-04-OA-0110.R4 Date: 8-October-16 Stage: P

ID: prabhakaran.m Time: 21:02 I Path: //chenas03/Cenpro/ApplicationFiles/Journals/Wiley/ETAP/Vol00000/160032/Comp/APPFile/JW-ETAP160032

Month, 2016 21



Table 3

Robustness Tests

Public_Investors Early_Investors Late_Investors From days 6 to 10

(1) (2) (3) (4)

OLS Negative binomial Negative binomial Negative binomial

Early_Investors 0.041***

(0.012)

Public_Investors 5.486*** 3.587***

(0.933) (1.030)

TMT_Size 0.003 0.031 0.128*** 0.048*

(0.003) (0.029) (0.037) (0.026)

Nonexecutives 20.010 0.148 20.300 0.053

(0.011) (0.131) (0.228) (0.140)

Patents 0.039** 0.548** 20.390 0.271

(0.019) (0.231) (0.365) (0.199)

Positive_Sales 0.033*** 0.220*** 0.761*** 0.469***

(0.011) (0.090) (0.162) (0.148)

Competing_Offerings 20.002*** 20.007* 20.016** 20.012**

(0.000) (0.004) (0.007) (0.005)

Target_Capital 0.001 0.016 20.005 0.134

(0.002) (0.071) (0.090) (0.084)

Equity_Offered 20.021 0.180 0.040 20.835

(0.043) (0.642) (0.629) (1.022)

Tax_Incentives 20.020 20.094 20.025 20.020

(0.016) (0.118) (0.174) (0.148)

IPO_Exit 0.007 0.119 0.007 20.015

(0.015) (0.138) (0.213) (0.201)

Dividends 20.022 0.098 0.145 0.439

(0.017) (0.163) (0.264) (0.311)

Duration 0.258

(1.034)

A_Class_Threshold 0.036**

(0.017)

Weekday_Offering 20.257**

(0.109)

Constant 0.025 2.211*** 3.119** 20.837***

(0.070) (0.824) (1.246) (0.208)

Ln(alpha) 21.491*** 20.604***

(0.165) (0.138)

No. observations 115 115 115 132

Adjusted (pseudo) R2 .140 .105 .098 .083

Log-likelihood 2956.6

This table reports in Models 1–3 the results of robustness tests for the omission of Duration as control variable. The
system of three equations is the same as in Table 2, while the sample considers the 115 offerings with a duration
between 40 and 80 days. In Model 4, the number of early investors is measured after the percentage of public profile
investors. The dependent variable of the negative binomial model is the number of investors from the sixth to the tenth
day of campaign, while for the independent variables, the percentage of public profile investors is measured from the
opening to the fifth day. The variable definitions are in Table 1. Each regression controls for industry effects. Robust
standard errors are in parentheses. ***, **, and * indicate statistical significance at the 1%, 5%, and 10% levels,
respectively.
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685number of additional control variables to our baseline model. First, as additional evidence
686for the difference in motivation between backers in equity and nonequity crowdfunding,
687we introduce a dummy for offerings that deliver a reward together with shares, which is
688the case of 73% of our offerings. Our results are unaffected. Second, we modify the vari-
689able Tax_Incentives to identify those companies that qualify for the Enterprise Investment
690Scheme tax relief (80%) (instead of the SEIS) and rerun the regressions with this variable.
691Third, following Vismara (2016), we include a proxy for the social capital of the propo-
692nent, measured by the number of LinkedIn connections, as a new regressor. We also add a
693dummy variable that equals 1 if the start-up is located in London (45%). Results do not
694change significantly. Fourth, the IPO is not the only preplanned exit option. Other options
695include trade sales (72%), management buyouts, or share buy-backs (11%). Again, we
696find that controlling for different types of preplanned exit does not affect the results.
697Finally, share prices are not disclosed on Crowdcube, as visitors can only see the target
698amounts and percentages of equity offered. Although this signal is not immediate, invest-
699ors are able to derive company valuations (e.g., a campaign aiming to raise £100,000 by
700offering 10% of shares is valued at £1 million) and make decisions accordingly. Hence,
701we include Share_Price among the regressors and rerun the regressions, but, similarly to
702Ahlers et al. (2015), we do not find the variable significant.

703Conclusions

704Summary of the Main Results

705Existing papers on information cascades among investors in entrepreneurial settings
706differentiate between informed and uniformed investors by distinguishing two categories:
707institutional and retails investors. This is often the only information available in equity
708offerings in public markets, as the name of the investors is not made available to the pub-
709lic. Recently, a new method to raise money from individuals has emerged for entrepre-
710neurial ventures—equity crowdfunding. These campaigns are an ideal setting to test
711information cascades among investors for a number of reasons: (1) the projects seeking
712finance are characterized by high risk and uncertainty; (2) crowdfunders are typically
713amateur investors with high monitoring costs and limited skills and opportunities to per-
714form due diligence; (3) there are no third-party certification mechanisms (such as IPO
715underwriters) in crowdfunding marketplaces; (4) the very functioning of these markets
716relies on the wisdom of the crowd; and (5) the name (or nickname) of the individual
717investors is publicly available, making it feasible for investors to interpret the signal pro-
718vided by their behavior. This promptly updated information contributes to the speed and
719the size of information cascades. Confirming our hypotheses, we demonstrate that (1)
720contributions in the early days of offering are fundamental in attracting other investors
721and, thus, increase the probability of success of the campaigns, and (2) public profile
722investors play a crucial role in attracting other investors in the initial days of the
723campaign.

724Alternative Explanations

725While our interpretation of the results is that early backers represent a positive signal
726to undecided investors, alternative explanations are possible. To check for validity and
727disentangle, the underlying mechanisms driving the results is, however, a demanding
728task. First, a complementary explanation is related to positive payoff externalities. Like
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729on most platforms, campaigns on Crowdcube are financed only if their target amount is
730reached. Observing that a project has attracted many early contributions reassures poten-
731tial backers that the project has good chances of reaching its target capital and that the
732time and resources invested in the pledge will not be wasted. Second, large initial pledges
733may not only reduce uncertainty, but also contribute to the accumulated capital stock of
734the campaign. The more early investors participate in a campaign, the more funding the
735project attains early on, which mechanically increases the probability of success. Third,
736identifiable early investors can enlarge the basin of potential backers acquainted with the
737offering, thereby attracting late investors from outside the platform (word-of-mouth).
738Fourth, investors might be aware of the campaigns before their launch, but they might
739prefer to wait and see how the campaign evolves before investing. Alternatively, propo-
740nents that achieve early success might be those who direct more effort toward finding
741investors, even before the official start of the campaign. Finally, late bidding may also be
742due to behavioral causes such as procrastination or conformity. Investors might simply
743disregard their private information and choose the project with the greatest number of
744investments. Irrational herding implies the same outcome: early backers condition late
745investors.

746Limitations

747The merit of our approach is identifying, in a quantitative way, some of the factors
748that attract investors in equity-based crowdfunding. However, our study has some limita-
749tions. First, the limited number of observations in the sample calls for further investiga-
750tion in the future to provide more insight into the role of individual investors. In
751particular, studies on larger samples may benefit from exploiting information at the indi-
752vidual level, as we propose in the section on future research below. Further, exploring the
753extent to which our results reflect investor behavior as opposed to nuances of a particular
754context is an interesting question.
755Second, unobserved heterogeneity is another concern. Although we cannot complete-
756ly exclude the possibility that unobserved factors affect our conclusions, our setting miti-
757gates this concern. Typically, the unobservable heterogeneity argument applies when
758researchers do not have access to data on variables (unobservables) that are observed by
759the decision makers. We have access to the same information as external investors do.
760However, we acknowledge that there are a number of factors difficult to measure or oper-
761ationalize. For instance, most projects (73%) listed on Crowdcube deliver rewards togeth-
762er with shares. Although our results are robust to the inclusion of a dummy controlling for
763this possibility, the heterogeneity in rewards might influence the propensity to invest. We
764fail to distinguish substantial rewards from more trivial ones. More generally, the fact that
765our results capture real-world behaviors enhances their external validity, especially as we
766observe investment decisions where people invest their own money. On the other hand, it
767is worthwhile to consider experimental approaches to the problem as a parallel avenue of
768research, enhancing the internal validity of the data.
769Finally, as equity crowdfunding platforms typically work on an all-or-nothing basis,
770entrepreneurs are under pressure to set an achievable target. The overfunding option,
771however, provides them with the possibility to raise more funds than the initial target.
772Although investors who bid during the overfunding phase have exactly the same rights as
773investors who invested before the campaign became overfunded, they already know at
774the moment of bidding that the campaign is successful. Hence, the dynamics after the
775goal is reached might be different and studying it is likely to provide us with fresh
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776insights. Even though we cannot directly investigate this phase, we can test the robustness
777of our results. We replicate our analysis considering only the sample of 112 offerings
778where the amount of capital raised over the initial target (Funding_Percentage) does not
779exceed 150%. Unreported results confirm that our findings are robust to the exclusion of
780the largely overfunded offerings. In addition, we note that only 20 offerings in our sample
781are significantly overfunded (Funding_Percentage above 150%), which is not enough for
782drawing robust evidence.

783Theoretical Contributions

784This article makes several contributions. First, we contribute to the empirical research
785on the determinants of success of equity crowdfunding campaigns. Crowdfunding is con-
786sidered the markets of the future; however, our understanding of their functioning is limit-
787ed. One of the reasons for this is that few platforms have a significant number of projects
788to investigate. To the best of our knowledge, only Ahlers et al. (2015) have empirically
789addressed the topic. We extend their research by including the dynamics between invest-
790ors that may govern the success of the campaigns. In doing so, we contribute to the litera-
791ture on signaling theory in entrepreneurship, explaining, at least in part, how
792crowdfunders make choices and why entrepreneurs’ strategies for seeking finance
793through crowdfunding should involve sophisticated investors early on to enhance their
794chances of successful funding.
795Second, we extend the emergent entrepreneurship literature on observational learn-
796ing. In reward-based crowdfunding, due to the perceived obligation of specific or general-
797ized reciprocity or the desire to receive constructive feedback in the product market,
798entrepreneurs have incentives to build social capital internal to the platforms. We find
799that observational learning matters also in an equity-based setting, where nonfinancial
800motives play no significant role (Cholakova & Clarysse, 2015; Vismara, 2016). Focusing
801on the signaling dynamics between investors, we show that investors alter their own eval-
802uations upon observing the behavior of previous investors.
803Third, we contribute to the finance research on information cascades in financial mar-
804kets. Compared to traditional markets that extensively rely on formal intermediaries,
805information cascades among investors are crucial in crowdfunding, as they will probably
806be in other future financial innovations. The Internet promises to democratize entrepre-
807neurial finance. Online IPO auctions, widely considered an efficient market mechanism to
808lower the costs of going public (Ritter, 2013), are one example. Technology is expected
809to simplify the interaction between those who want to invest money and those who need it
810(Cumming & Vismara, in press). We show that such disintermediation increases the reli-
811ance on observational learning or information cascades.

812Implications

813Our study has interesting implications for entrepreneurs, investors, and managers of
814crowdfunding platforms, as well as for regulators. We find that project proponents should
815devote particular effort to stimulate bids in the initial stages of the campaigns, as this is
816likely to generate an informational cascade dynamics and trigger further investments.
817Since in the crowdfunding context it is impossible to establish interpersonal relationships
818with every investor (Moritz et al., 2015), proponents should invest in pseudopersonal
819forms of communication such as social networks. The early involvement of investors
820with a public profile is a key ingredient of a successful campaign. Platform managers
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821should facilitate connections with social networks to increase the popularity of the proj-
822ects (including word-of-mouth) and attract more investors. Finally, our study of informa-
823tion cascades in equity crowdfunding carries relevant policy implications. Regulators and
824policy makers worry that learning/herding behavior of retail investors might increase the
825chances for fraud, as their investments are not protected by the oversight of financial
826authorities. Sophisticated investors may, indeed, take advantage of their influential
827position.

828Future Research Agenda

829Exploring crowdfunding markets is a promising strand of research. With few excep-
830tions, these studies have mainly focused on other forms of crowdfunding than equity.
831Though this is partly due to the paucity of data, the crowdfunding literature should not
832neglect to investigate whether and how these platforms can provide means of financing to
833firms. The results of this study offer avenues for further research along these lines. We
834identify four promising research areas for further research: (1) the heterogeneity of
835crowdfunders and the reputational effects of individual investors and superior principals;
836(2) the value-protection vs. value-creation role of upper echelons and how they interact
837with investors; (3) the cross-sectional differences between campaigns after their launch,
838which could be relevant for the funding success; and (4) the potential of successful cam-
839paigns to be successful investments also for external investors.
840First, future studies would benefit from more information about individual investors
841than the indication about their profile (public or not). This could shed light on the poten-
842tial role for investor reputation, since it is not only the proponents’ reputation that matters.
843In this article, this level of information is used to show that public profile investors are
844(better) informed and more sophisticated investors than the typical amateur crowdfunder.
845Information about investors’ bidding history is relevant only for projects at the end of the
846sampling period, as in the first projects, investors have no bidding history. More time and
847observations (projects) are needed to effectively test for reputation effects from individual
848investors. In particular, it is still not clear how heterogeneous investors in equity-based
849crowdfunding are. Trusting the behavior of one type of investors (e.g., public profile
850investors) may lead to insufficient analysis of the business plan by other investors. Are
851sophisticated investors taking advantage of unsophisticated investors? In a related vein,
852as business angels invest alongside crowdfunding, it would be interesting to investigate
853their behavior in this context and gain insight into the complementary or substitute role of
854angel investors in relation to crowdfunding.
855Second, the signal provided by the proponent and by TMT members is treated only as
856a control variable in our study. These aspects, clearly, could be investigated more deeply
857and, potentially, play a more important role. For instance, the role of upper echelons could
858be investigated in the context of their value-protection vs. value-creation roles. Team pro-
859files include both executive and nonexecutive members. This aspect has been thoroughly
860examined in traditional financial markets, but so far largely neglected in crowdfunding
861(actually, it applies only to equity- or debt-based crowdfunding markets). Despite the
862amount of money raised in equity crowdfunding markets, their regulation and the behav-
863ior of involved agents remain an issue of concern. As discussed above, investors may mis-
864behave and proponents may engage in moral hazard behavior; hence, it is important to
865understand and improve the interaction between them. One of the leading motivations for
866investors to make their profile public is, indeed, to interact with proponents. Platform
867forums and comments exchanged between investors and proponents as well as among
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868investors provide a wealth of information that, if properly analyzed, could shed light on
869how this interaction works. Similarly, it would be of interest to investigate the role of
870returning, “experienced” investors (Kim & Viswanathan, 2014) as well as the role of fam-
871ily and friends (Ordanini et al., 2011) in the context of equity crowdfunding.
872Third, a peculiar aspect of crowdfunding is the possibility to interact with investors dur-
873ing the campaign. Based on 23 semistructured interviews to market participants in equity-
874based crowdfunding, Moritz et al. (2015) find that pseudopersonal communication over the
875Internet (e.g., videos, investor relations channels, and social media) is important to reduce
876perceived information asymmetries among investors in equity-based crowdfunding. This is
877in line with a number of studies showing that firms’ media presence reduces information
878asymmetries and lowers their cost of capital (see Merton’s, 1987, investor recognition
879hypothesis and related empirical papers). More recently, finance researchers started investi-
880gating the effects of the behavior of entrepreneurs in social networks. Executives and entre-
881preneurs are increasingly active on social networks (e.g., Facebook, Twitter, or LinkedIn),
882with increasing levels of disclosure and less information asymmetries (Blankespoor, Miller,
883& White, 2013). Crowdfunding platforms offer a privileged avenue to investigate the
884effects of different types of information and two-sided interactions such as videos, business
885plan updates, and forums. A structured analysis of the different contents and different tools
886employed to communicate in equity-based crowdfunding could help in understanding and
887differentiating their impact on funding success. Identifying the impact of “community
888engagement” activities on funding success, however, poses econometric challenges. A criti-
889cal issue is reverse causality between these activities after the campaign starts and after it
890succeeds. Proponents who get more attention initially may devote more resources to updat-
891ing information or delivering interviews. For instance, Kuppuswamy and Bayus (2014)
892found that project’s updates on Kickstarter increase in the last week of funding for projects
893that are close to succeed. To some extent, proxies of engagement could serve as measures
894of success, rather than determinants of it.
895Finally, this study, like other studies, focuses on the success of crowdfunding cam-
896paigns. Whether successful campaigns are also successful investments for external invest-
897ors is an issue to be investigated. In addition, a successful crowdfunding campaign could
898serve as signal that consumers are likely to desire a product or service. We would there-
899fore welcome studies with a long-term perspective, which consider successful campaigns
900not as positive outcomes for entrepreneurs seeking finance, but, rather, the initial invest-
901ment of investors looking for returns. This is clearly a challenging task for researchers,
902given the absence of a secondary market. Signori and Vismara (2016) is a first attempt in
903this direction. We believe that the success of successfully funded projects is central to the
904future of these markets.
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USING e-ANNOTATION TOOLS FOR ELECTRONIC PROOF CORRECTION 

Required software to e-Annotate PDFs: Adobe Acrobat Professional or Adobe Reader (version 8.0 or 
above). (Note that this document uses screenshots from Adobe Reader X) 
The latest version of Acrobat Reader can be downloaded for free at: http://get.adobe.com/reader/ 

Once you have Acrobat Reader open on your computer, click on the Comment tab at the right of the toolbar: 

1. Replace (Ins) Tool – for replacing text.

Strikes a line through text and opens up a text 
box where replacement text can be entered. 

How to use it 

 Highlight a word or sentence.

 Click on the Replace (Ins) icon in the Annotations
section.

 Type the replacement text into the blue box that
appears.

This will open up a panel down the right side of the document. The majority of 
tools you will use for annotating your proof will be in the Annotations section, 
pictured opposite. We’ve picked out some of these tools below: 

2. Strikethrough (Del) Tool – for deleting text.

Strikes a red line through text that is to be 
deleted. 

How to use it 

 Highlight a word or sentence.

 Click on the Strikethrough (Del) icon in the
Annotations section.

3. Add note to text Tool – for highlighting a section 
to be changed to bold or italic. 

Highlights text in yellow and opens up a text 
box where comments can be entered. 

How to use it 

 Highlight the relevant section of text.

 Click on the Add note to text icon in the
Annotations section.

 Type instruction on what should be changed
regarding the text into the yellow box that
appears.

4. Add sticky note Tool – for making notes at
specific points in the text. 

Marks a point in the proof where a comment 
needs to be highlighted. 

How to use it 

 Click on the Add sticky note icon in the
Annotations section.

 Click at the point in the proof where the comment
should be inserted.

 Type the comment into the yellow box that
appears.
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For further information on how to annotate proofs, click on the Help menu to reveal a list of further options: 

5. Attach File Tool – for inserting large amounts of
text or replacement figures. 

Inserts an icon linking to the attached file in the 
appropriate pace in the text. 

How to use it 

 Click on the Attach File icon in the Annotations
section.

 Click on the proof to where you’d like the attached
file to be linked.

 Select the file to be attached from your computer
or network.

 Select the colour and type of icon that will appear
in the proof. Click OK.

6. Add stamp Tool – for approving a proof if no
corrections are required. 

Inserts a selected stamp onto an appropriate 
place in the proof. 

How to use it 

 Click on the Add stamp icon in the Annotations
section.

 Select the stamp you want to use. (The Approved
stamp is usually available directly in the menu that
appears).

 Click on the proof where you’d like the stamp to
appear. (Where a proof is to be approved as it is,
this would normally be on the first page).

7. Drawing Markups Tools – for drawing shapes, lines and freeform
annotations on proofs and commenting on these marks. 
Allows shapes, lines and freeform annotations to be drawn on proofs and for 
comment to be made on these marks.. 

How to use it 

 Click on one of the shapes in the Drawing
Markups section.

 Click on the proof at the relevant point and
draw the selected shape with the cursor.

 To add a comment to the drawn shape,
move the cursor over the shape until an
arrowhead appears.

 Double click on the shape and type any
text in the red box that appears.
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